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Abstract 

 
Traditional language learning tools have frequently relied on a "one-size-fits-all" approach, lacking the 
adaptive capabilities necessary to meet diverse student needs. The DAI (Developing an AI-assisted 
Italian Language Teaching and Learning System) project moves beyond traditional models and 
addresses this gap by integrating Artificial Intelligence into Italian as a Foreign Language (FL) 
instruction. This initiative aims to develop critical thinking and evaluative skills by deploying a 
personalised, AI-based training package for international students of Italian and establishing a 
comprehensive learner corpus to fuel future research in AI-driven language pedagogy. However, the 
successful implementation of such AI-driven platforms relies heavily on the digital competencies of the 
educators steering them. To this intent, the DAI project features a dedicated training course designed 
to equip teachers of Italian with essential AI and digital skills. This paper focuses on two core dimensions 
of the project: its overarching scope and rationale, and a detailed examination of a specific module, 
titled "Integrating Digital Resources", which is currently being piloted. This module (module 3) is central 
to the project's objective of transforming teaching practices. It provides educators with practical 
methodologies and pedagogical frameworks to embed AI-based resources, including interactive 
modules and a personalised content-retrieval chatbot, into their curricula. By exploring the development 
and pedagogical architecture of the module, this presentation demonstrates how theoretical AI 
applications are translated into actionable teaching strategies. Ultimately, we argue that equipping 
teachers with these targeted digital competencies is just as vital as the technology itself, ensuring that 
AI serves as an effective, sustainable catalyst for Italian FL teaching and learning.  
 
Keywords: AI in language education, Italian as a Foreign Language, teacher digital literacy, personalised learning, 
digital resource integration. 

 
1. Introduction 
 
The landscape of foreign language (FL) education has undergone a structural paradigm shift over the 
past two decades. These include moves towards pluriligual pedagogies [1] and language mediation [2].  
Moreover, driven by the rapid acceleration of educational technologies, language education has also 
merged communicative methodologies with technology-enhanced language learning (TELL) 
environments [3]. The role of the language teacher, whose professional expertise can no longer be 
decoupled from digital competence, is central to this evolution. 
The contemporary conceptualisation of educator digital competence extends far beyond functional 
computer literacy. As digital tools evolve from peripheral aids to fundamental operational environments, 
domain-specific frameworks of digital competencies have been developed The Digital Competence 
Framework for Citizens (DigComp) underpins this domain, having been extended for educators through 
DigCompEdu [4]; DigComp itself has since been updated to a fifth edition, DigComp 3.0 [5], integrating 
artificial intelligence, digital rights and wellbeing systematically across its competence areas, rather than 
as a separate strand. DigCompEdu identified key areas spanning several competences, amongst which 
using digital resources for communication, collaboration, assessment and professional development, 
as well as assisting learners in navigating digital environments critically and creatively. More recently, 
UNESCO [6] published the AI Competence Framework for Teachers (CFT), to redefine teacher-student 
relationship into a human-centered teacher-AI-student dynamic. Language-specific frameworks have a 
longer history: the TESOL Technology Standards [7] established distinct standards for language 
learners and teachers, with performance indicators for technology use in language classrooms, while 
more recently the Digital Competence for Language Teachers (DC4LT) framework [8] adresses the 
digital needs of language educators. Unlike generic digital frameworks, it connects technology use with 
Computer-Assisted Language Learning (CALL) methodologies and second language acquisition. For 
foreign language educators, these general competencies intersect directly with Technological 



 
Pedagogical Content Knowledge (TPACK) frameworks [9]. In FL contexts, digital competence entails 
the ability to curate authentic target-language input, design interactive computer-mediated 
communication (CMC) tasks, manage digital corpora and employ automated feedback tools effectively.  
The use of AI in these contexts is however still underexplored and a gap remains between teacher 
technical fluency and true pedagogical integration. While many educators possess functional skills, 
state-of-the-art scholarship (e.g. [4]; [10]) highlights the need for further ‘pedagogical digital 
competence’, namely the critical capacity to select, adapt, and deploy digital tools to intentionally serve 
specific language learning outcomes. This entails moving from passive technology consumers to active 
computational prompters. Designing structured system prompts for Large Language Models (LLMs) 
allows teachers to generate level-appropriate target texts, construct context-rich roleplays, and create 
differentiated learning materials in seconds. Furthermore, as automated systems take on greater 
instructional roles, teachers require critical literacy to evaluate bias, hallucination, and privacy 
compliance in digital tools, ensuring safe and ethical integration in accordance with regional regulations, 
such as the EU AI Act [11]. Future digital competence demands that teachers interpret automated 
diagnostic dashboards to identify learner friction points, track longitudinal vocabulary acquisition, and 
deliver targeted interventions. Against this background, the DAI project provides a concrete context in 
which to examine how pedagogical digital competence can be developed specifically for teachers of 
Italian as a Foreign Language, and how AI-based resources can be integrated into teaching without 
displacing the teacher’s pedagogical role. 
 
2. Artificial Intelligence as a Sustainable Catalyst for Italian FL Pedagogy 
 
In Italian foreign language teaching and learning, the integration of Artificial Intelligence represents a 
significant evolution in methodology. Historically, Italian FL pedagogy outside of Italy has faced 
structural constraints, including limited classroom contact hours, variable access to authentic native 
linguistic environments, and challenges in scaling individualised writing and oral practice [12]. 
Generative AI and adaptive learning models could potentially solve some of these problems. 
Recent empirical investigations highlight the impact of conversational AI systems in Italian L2/LS 
contexts. For example, research conducted by Cinganotto and Montanucci [13] evaluated AI-driven 
dialogue systems trained on corpora aligned with the Italian Language Profile [14]. Their findings 
demonstrate that interactive AI systems provide learners with low-anxiety opportunities for real-time 
conversational simulation, resulting in measurable gains in written production, receptive skills, and 
communicative confidence. The integration of generative tools allows educators to generate dynamic, 
authentic linguistic inputs tailored to specific proficiency tiers along the Common European Framework 
of Reference for Languages [15]. By leveraging LLMs alongside natural language processing (NLP) 
corpora, educators can produce varied context-bound exercises such as target-level simulations of 
contemporary Italian media, idiomatic discourse practices, and complex grammatical structures (e.g., 
the nuance of the congiuntivo vs. indicativo). Furthermore, empirical research on AI-driven personalised 
language learning emphasises its psychological benefits. Yan et al. [16] demonstrate that AI-based 
adaptive feedback and task scheduling significantly enhance learner pleasure and self-efficacy while 
mitigating foreign language anxiety, establishing a psychological baseline conducive to sustained 
acquisition. 
For AI to act as a sustainable catalyst in Italian FL education, it must enhance learning outcomes 
without inflating teacher burden or replacing the essential sociocultural dimensions of language 
instruction. If used effectively, AI automates instructional design tasks like creating differentiated 
reading comprehension sets, providing prompts for oral interaction and offering opportunities for learner 
self-evaluation. Educators could therefore focus more on high-value human interactions such as 
facilitating intercultural dialogues, fostering authentic collaborative tasks and providing mentoring. 
The digital transformation of language education demands an updated understanding of educator 
competencies. Rather than competing with human instruction, AI technologies, when paired with well-
developed pedagogical digital competence, offer a flexible, scalable, and sustainable framework for 
Italian foreign language teaching. By validating the role of AI through recent empirical literature, these 
reflections set the stage for presenting a targeted training module designed to empower Italian language 
educators to integrate AI tools purposefully, ethically, and effectively in modern L2/LS contexts. 
 



 
3. The DAI

1
 Project Architecture: Bridging AI Innovations and Pedagogical Practice 

 
While theoretical frameworks underline the necessity of upgrading language educators’ digital 
competencies, operationalizing these paradigms requires structural scaffolding that translates AI 
capabilities into real-world pedagogical environments. The DAI (Developing an AI-assisted Italian 
Language Teaching and Learning System) project directly bridges the gap between teacher technical 
fluency and true pedagogical integration by constructing an ecosystem designed to personalise student 
learning while systematically building educator digital literacy. 
Building on the challenges outlined above, the DAI project translates the potential of AI-assisted 
language learning into a structured educational ecosystem. Rather than treating technology as a 
passive auxiliary tool, DAI combines adaptive learning resources with targeted teacher development, 
thereby addressing learner personalisation and educator digital competence as interdependent 
dimensions of AI-enhanced language education. 
The primary objective of DAI is to transform Italian FL instruction through the targeted implementation 
of AI technologies. To achieve a sustainable transformation, the project simultaneously targets two 
direct beneficiary groups: teachers of Italian as a Foreign Language and international academic 
students seeking to acquire target-language proficiency. For international students, the project delivers 
an adaptive, personalised learning experience designed to mitigate foreign language anxiety, enhance 
communicative confidence, and optimise individual acquisition paths. For language educators, the 
project offers targeted training to upgrade digital and AI skills, enabling teachers to transition from 
traditional knowledge transmitters into intentional designers of tech-enhanced learning environments. 
To achieve these aims, the DAI consortium has established four interconnected primary outcomes. 
First, it offers a structured 7-module online teacher training course focused on AI integration across 
language learning, teaching, and assessment, equipping educators with practical frameworks (such as 
TPACK and DigCompEdu) to deploy AI ethically and effectively. Second, it features an interactive online 
learning platform containing self-paced modules to deliver personalised language training tailored to 
individual proficiency tiers and learner pacing. Third, the project creates a dedicated resource repository 
featuring a customised, personalised chatbot for content retrieval, providing automated target-language 
input, contextualised dialogue simulations, and targeted material curation. Finally, it gathers a 
comprehensive learner corpus derived from student interactions within the online course, supplying a 
rich empirical dataset to fuel future research in AI-assisted second language acquisition and pedagogy. 
The overall architecture of the DAI project is explicitly engineered so that technological systems and 
pedagogical competence reinforce one another. The multi-module teacher training course acts as the 
primary vehicle for operationalizing this strategy. Hosted asynchronously on Moodle, the curriculum 
covers seven core domains distributed across consortium partner institutions: AI Foundations in 
Language Education developed by UniStraPG, Designing AI-Enhanced Learning by UniSkopje, 
Integrating Digital Resources by UniMalta, Inclusive and Adaptive Teaching by GUFrankfurt, Data-
Driven Teaching Strategies by UniHamburg, Ethical and Critical AI Use by UniValencia, and Practical 
Applications by UniStraPG.   
Within this sequential framework, Module 3, titled "Integrating Digital Resources", serves as the crucial 
pivot point between abstract technological principles and concrete classroom execution. Having 
established theoretical foundations in Modules 1 and 2, in Module 3 educators encounter the immediate 
practical decision of which digital tools to select, when to introduce them, and how to configure them 
for specific pedagogical outcomes. The following section provides a detailed examination of Module 3's 
development, structural constraints, and three-pillar pedagogical architecture. 
 
4. Module 3: Integrating Digital Resources 
 
4.1. Position within the Course Architecture and Intended Audience 
 
Within this seven-module architecture, Module 3, Integrating Digital Resources in AI-Enhanced 
Teaching, occupies a deliberate transitional position. It follows the conceptual grounding of Module 1 
and the design principles of Module 2, and precedes modules addressing differentiation, learning 
analytics and ethics in greater depth. Our remit was the point of contact between the two: the moment 
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at which a teacher of Italian as a foreign language stops discussing artificial intelligence in the abstract 
and has to decide which resource to open, at which point in a lesson, and to what pedagogical end. 
The module is addressed to academic teachers of Italian as a foreign language, one of the project’s 
two direct target groups. This audience is characterised less by a deficit of pedagogical expertise than 
by a mismatch between well-developed subject knowledge and uneven confidence with emerging 
digital tools. The module accordingly assumes fluency in the language being taught and familiarity with 
core methodological concepts, and it verifies rather than teaches that baseline: the pre-knowledge test 
opens by asking participants to identify scaffolding, the disadvantage of delayed written feedback, the 
function of a basic spell-checker, the practical obstacle to assessing thirty learners’ speaking individually 
within a forty-five-minute lesson, and the purpose of formative assessment. Each of these five items is 
a concept the module later repurposes in an AI-mediated form, so the pre-test doubles as a diagnostic 
and as an advance organiser. 
Delivery is asynchronous. The course is hosted on Moodle and studied at the participant’s own pace, 
with a certificate awarded on completion. This has consequences for design that we return to below: 
with no tutor present at the point of study, every explanatory move, every demonstration and every 
corrective feedback message has to be anticipated and written into the materials themselves. 
 
4.2. The Development Process and its Constraints 
 
The consortium adopted a common template for module documentation across all seven modules, and 
this shaped our work in a way worth reporting. The template fixed the descriptive apparatus (abstract, 
learning objectives, a tripartite statement of knowledge, skills and competences, video specifications, 
activity types, glossary) and it fixed the media parameters: four videos of approximately fifteen minutes 
each, rendered as H.264 MPEG-4 at 720p. All partners were bound by these parameters, which had 
been agreed jointly by the consortium. Working within a shared template imposed a productive 
discipline. It guaranteed that a participant moving from Module 2 to Module 3 to Module 4 would meet 
the same structural signposts, the same granularity of objective statement and the same species of 
end-of-module test, which matters considerably in a self-paced environment where structural 
predictability substitutes for the orienting work a tutor would otherwise do. 
The constraint also created a tension we had to resolve. Fifteen minutes is well beyond the six-minute 
threshold above which engagement with instructional video is known to decline sharply [17]. We 
addressed this not by shortening the videos, which was not open to us, but by segmenting them 
internally. Each video is divided into five or six explicitly timed parts, each running between two and four 
minutes, and each part is built around a single claim, a single demonstration or a single strategy. This 
is the segmenting principle of multimedia learning applied inside a fixed container [18]: the learner is 
given repeated natural stopping points, and the accompanying materials are keyed to those parts rather 
than to the video as a whole. The scripts also alternate systematically between slide-based exposition 
and screen recording, so that the modality shifts roughly every two to three minutes. 
Development followed a broadly ADDIE-shaped sequence of analysis, design, development, 
implementation and evaluation [19], with the design phase organised backwards from the intended 
outcomes [20]. We began from the four learning objectives, each of which is stated as a performance 
the participant should be able to execute rather than as content they should have encountered: to select 
and apply AI-based assessment tools while distinguishing auto-marking from AI evaluation; to design 
an activity using real-time feedback mechanisms; to create a back-translation or critical editing task; 
and to plan a lesson integrating immersive technologies with the explicit aim of lowering learner anxiety. 
The tool inventory, the activities and the assessment items were then derived from those four 
statements, rather than the objectives being written retrospectively to describe a set of tools we 
happened to like. The distinction matters, because the most common failure mode in technology-
focused teacher training is the tool tour: a sequence of demonstrations with no organising pedagogical 
claim. 
The completed module underwent internal review at the responsible institution, followed by peer review 
by the other consortium partners and formal sign-off. It is currently being piloted, ahead of full delivery 
to teachers. We therefore report here on the design and its rationale rather than on evaluation 
outcomes; the empirical questions raised by the design are set out in the closing part of this section.  
With these development parameters established, the discussion can now turn from the module’s design 
process to the pedagogical architecture that organises its content. 
 
5. Pedagogical Architecture: Three Pillars and a Governing Metaphor 



 
 
The module’s organising claim is stated in its opening minutes and repeated in its closing ones: the 
goal is augmented intelligence, not automation. The scripts name and reject the alternative explicitly, 
and the fourth video reinstates the point in Italian as the docente potenziato, the augmented teacher 
who uses technology to amplify empathy, motivation and creativity while delegating mechanical and 
repetitive correction. This is not decorative framing. It supplies the criterion by which every tool in the 
module is judged, and it determines what participants are asked to do with each one: not to hand over 
a task, but to redistribute it. 
From that governing claim, the module derives three pillars, which map onto the first three videos and 
are consolidated in the fourth: intelligent assessment, real-time correction, and mediation and 
translation. The three are sequenced along a temporal axis that we found to be the most intuitive 
organising logic for practising teachers. Pillar one concerns what happens after production, when work 
has been submitted and must be evaluated. Pillar two concerns what happens during production, at the 
moment of writing or speaking. Pillar three concerns what happens before and around production, when 
the learner is deciding what to say and reaching for a tool to help them say it. Together, the three pillars 
form a progression from assessment, through correction, to improvement. 
In competence terms, the module targets the areas of the European Framework for the Digital 
Competence of Educators that concern assessment, feedback and the empowerment of learners [4], 
and it is constructed so that technological knowledge is never presented in isolation from pedagogy and 
content, in keeping with the TPACK account of teacher knowledge [9]. Every tool in the module is 
introduced through a language-teaching problem it addresses. Grammarly Insights is introduced 
through the question of whether a learner’s Italian is not merely correct but effective for its audience; 
Microsoft Reading Coach through the impossibility of assessing thirty learners’ pronunciation 
individually within a single lesson; Reverso Context through the observation that an idiom has several 
defensible renderings depending on situation. The competence statements make the intended terminus 
explicit: the participant is to move from being a transmitter of knowledge to being a designer of learning 
experiences. 
 
5.1. Pillar One: Intelligent Assessment and the Hybrid Correction Workflow 
 
The first video opens on what it names the correction burden, and it makes a conceptual distinction that 
recurs throughout the module and in three separate assessment items: auto-marking, which returns a 
binary verdict on a closed response, is not the same thing as AI evaluation, which analyses syntax, 
tone, complexity and style. The distinction does real work. It allows participants to see why a multiple-
choice quiz platform and a writing analysis tool belong to different assessment categories with different 
validity claims, and it inoculates against the assumption that automated grading is a single 
undifferentiated capability. 
The practical core of the pillar is the Hybrid Correction Workflow, a four-step procedure that is modelled 
step by step on screen and is designed to produce richer feedback on a student text in under a minute. 
Step one is a short screen recording in which the teacher reads the text aloud and names one 
substantive issue of argument or meaning. Step two is a check with an AI detection tool, framed not 
punitively but diagnostically, as a voice check on whether the learner has done their own work; where 
the text returns as entirely machine-generated, the feedback is simply to rewrite it in the learner’s own 
voice, and the workflow stops there. Step three uses a supplied prompt to obtain a structured analysis 
from a general-purpose assistant. Step four returns the teacher to the text for a personal closing 
comment. 
The sequencing is the pedagogical argument. Human presence comes first and last, and the machine 
occupies the middle, which is precisely the inverse of the arrangement teachers most fear. The workflow 
is also a concrete answer to a familiar objection to automated writing evaluation, namely that computer-
generated feedback tends to address surface features while leaving higher-order concerns untouched 
[21]. Here the division of labour is deliberate rather than accidental: mechanical accuracy is delegated, 
and the teacher’s attention is reserved for meaning, argument and voice. 
The pillar closes by drawing out the aggregate consequence. When assessment is instrumented, the 
teacher gains a class-wide diagnosis rather than an accumulation of individual impressions, and can 
plan the following lesson against evidence rather than intuition. The module states this as a shift from 
reactive to proactive practice and anticipates, without duplicating, the treatment of data-driven 
instruction that follows in a later module. 
 



 
5.2. Pillar Two: Closing the Feedback Loop 
 
The second pillar rests on a claim from second language acquisition research that is stated in the first 
video and developed in the second: feedback that arrives a week after the performance it describes 
has lost much of its value, because the learner no longer has access to the intention behind what they 
wrote or said, and errors left uncorrected are liable to fossilise [22]. The module names the interval 
between error and correction the feedback lag and treats its reduction as the pillar’s design goal. This 
aligns the module with the wider evidence that feedback’s effect depends heavily on its timing, 
specificity and the learner’s engagement with it rather than on its mere provision ([23]; [24]). 
The metaphor chosen for the video is a spotter in a gym: the tool stands behind the learner, intervening 
at the moment of difficulty so that practice is performed with correct form, rather than performing the 
exercise on the learner’s behalf. Three applications follow. For writing, a style and tone assistant is used 
to teach register, with participants shown how toggling between simple, business and academic 
phrasings turns a correction tool into a lesson on style. For speaking, a real-time reading coach 
highlights mispronunciations and hesitations in colour as the learner reads, and compiles the flagged 
items into a practice list. The pedagogical argument here is about privacy as much as immediacy: the 
correction reaches the learner without the class witnessing it, which is a different affective event from 
being stopped in front of peers. 
The pillar’s most important contribution, in our view, is its treatment of the failure mode it calls the Accept 
All problem. A learner who accepts every suggested correction without inspecting it has performed no 
cognitive work and has learned nothing, and the tool’s apparent helpfulness is what makes this outcome 
likely. The module’s response is the Error Log Strategy: for each piece of work, the learner selects one 
or two substantive corrections and records, in a structured log, the original wording, the correction, and 
an explanation in their own words of why the original was wrong. The third column is the pedagogical 
point. It converts a passive act of acceptance into an act of explicit noticing and articulation, and it 
produces a longitudinal record of the learner’s own error patterns. This is the module’s clearest instance 
of its general method: identify the way a tool invites misuse, then design an activity that makes the 
productive use the path of least resistance. 
The pillar closes with immersive environments, introduced through Krashen’s affective filter [25]. The 
claim, that learners take more linguistic risks with an avatar than with a teacher or peers because the 
fear of judgement is removed, is presented as a hypothesis with pedagogical consequences rather than 
as a settled result, which is appropriate given that the evidence on high-immersion virtual reality and 
foreign language anxiety, while encouraging, remains limited in scale [26]. 
 
5.3. Pillar Three: from Passive Consumer to Active Editor 
 
The third pillar addresses machine translation, which the module frames as the elephant in the language 
classroom, and it makes the module’s boldest pedagogical move: rather than policing a prohibition that 
is in practice unenforceable, it teaches critical use. The target transformation is stated as a shift from 
passive consumer to active editor, a formulation close to what the translation studies literature calls 
machine translation literacy [27] and consonant with the finding that three decades of research on 
machine translation in language education has moved steadily from prohibition towards structured 
integration [28]. 
Two methodologies carry the pillar. The Compare Strategy is demonstrated live on four Italian 
expressions of increasing difficulty. Three are handled correctly by a general-purpose translation 
engine, and the fourth, arrampicarsi sugli specchi, is not: it yields a literal and nonsensical rendering 
rather than the English idiom grasping at straws. A neural alternative handles it correctly, and a 
contextual tool then shows the phrase in authentic use across multiple registers. The demonstration is 
constructed so that the failure arrives fourth, after the tool has established its credibility, which is 
precisely the epistemic situation learners face and precisely why blind acceptance is tempting. 
The Back-Translation Challenge converts the insight into a thirty-minute classroom activity for A2 to C1 
learners. Learners draft a short text in their first language under a constraint, such as the compulsory 
inclusion of an idiom, translate it into the target language with one tool, then pass only the translation 
to a partner who has not seen the original and who translates it back using a different tool. The 
comparison of the final text with the original makes the losses visible: whether the idiom survived, 
whether the register shifted. The activity is well designed in a specific sense. The learning is produced 
by the discrepancy itself rather than by a teacher’s assertion, which is why the blind swap matters 
procedurally, and it requires no specialist infrastructure beyond freely available tools. 



 
The pillar extends the same logic outward to augmented reality translation of physical realia, where the 
pedagogical claim is that the learner remains inside the cultural context of the object instead of leaving 
it to type into a search box, and to AI dubbing, where learners record a presentation in their first 
language and hear and see a fluent version of themselves in the target language. Across the three 
pillars, the pedagogical logic is therefore consistent: AI is not introduced as a substitute for learner or 
teacher judgement, but as a resource whose value depends on the critical activity designed around it. 
 
6. The Interactive Layer and the Ethical Frame 
 
While the three pillars organise the module’s substantive content, an interactive and ethical layer cuts 
across all three and determines how participants engage with that content. Interactivity in the module 
is carried by its assessment and activity architecture, which is embedded in the module document itself 
and instantiated in Moodle. Five activity types are specified: a pre-knowledge test, a set of true or false 
statements, a matching quiz pairing eight key terms with their definitions, a fill-in-the-gaps exercise, and 
a ten-item end-of-module test. Two features of this layer are worth noting. First, feedback is written for 
both outcomes on every item, and the true or false activity additionally records, for each statement, the 
common misconception that makes the wrong answer attractive. In an asynchronous course this is the 
mechanism by which the tutor’s explanatory voice is preserved. Second, the items are consistently 
anchored to the demonstrations rather than to abstract statements of principle: participants are asked 
which Italian phrase exposed the translation failure, what the second step of the correction workflow is 
for, and how the reading coach signals hesitation. Retrieval is thus tied to the specific episode in which 
the concept was encountered. The example activities close the loop back to practice by asking 
participants to apply the workflow to a sample paragraph, complete an error log, and run the back-
translation challenge with a partner. 
The ethical frame is delivered as three red lines rather than as a general exhortation: no personally 
identifiable information in public tools, with placeholders used instead; no uploading of texts containing 
personal disclosures, which are to be marked manually; and the assumption that anything entered into 
a free tool may be used to train the model, which rules out confidential material such as unreleased 
examination papers. Presenting these as bright-line rules attached to concrete teacher actions, rather 
than as principles, follows the approach of the European Commission’s guidance for educators on the 
ethical use of AI and data [29] and makes the constraints operable at the point of use. Both the module 
and its concluding video place these within the terminal goal of AI literacy, understood as the capacity 
to use these systems with awareness of their limitations, biases and ethical implications ([30]; [31]), a 
formulation that aligns closely with the teacher competencies set out by UNESCO [6]. 
A final design decision concerns language. The first three videos are delivered in English and the fourth, 
the synthesis, in Italian. The choice is deliberate: the module’s conceptual vocabulary is introduced in 
the shared working language of the consortium and then restated in the language the participants teach, 
so that they acquire the terminology in the form they will need when speaking to colleagues and 
learners. The Italian video is not a translation of its predecessors but a consolidation, mapping the three 
pillars onto one another and closing on the redefinition of the teacher as a designer of learning rather 
than a transmitter of knowledge. 
 
7. Discussion and Concluding Reflections 
 
Taken together, the design of Module 3 illustrates the broader principle underpinning the DAI project: 
the educational value of AI does not reside in the availability of increasingly sophisticated tools alone, 
but in teachers’ capacity to select, configure and critically mediate those tools in relation to specific 
learning objectives. The three-pillar architecture translates this principle into practice by positioning AI 
across different stages of language production while retaining teacher and learner judgement at the 
centre of the process. In this sense, pedagogical digital competence is not an ancillary condition for AI-
enhanced language education but one of its constitutive requirements [6]. 
Expanding this framework to the macro-level of foreign language policy and curriculum design (e.g. [5]; 
[5]), the DAI project demonstrates how structured teacher professional development can bridge the 
persistent gap between technological innovation and classroom reality. Rather than positioning AI as a 
disruptive force that threatens traditional humanities instruction, generative technologies are embedded 
within established SLA principles, such as noticing, formative feedback loops, and affective scaffolding 
[32]. By formalising these practices into actionable teacher competencies, institutions can foster 



 
sustainable digital transformation across language programmes without compromising human-centred, 
communicative methodology [6].   
Furthermore, the integration of targeted AI modules underscores the urgent need for institutional policy 
to align with evolving classroom practices [7].  As tools like machine translation and automated 
diagnostic engines become commonplace, educational institutions are called to shift from reactive 
prohibitions to proactive literacy frameworks. The pedagogical strategies presented in Module 3, 
including back-translation challenges and explicit error logging, offer examples of how institutional 
guidelines that foster academic integrity, ethical awareness and student agency can be developed.   
Two limitations follow from the design. The module commits to specific commercial tools, several of 
which restrict their most useful features to paid tiers and any of which may change materially within the 
project’s lifetime; the strategies are portable but the demonstrations are not, and sustainability will 
depend on maintaining the resource repository rather than the videos. Second, the module makes 
effectiveness and efficiency claims, notably about reduced correction time and lowered anxiety in 
immersive practice [16], that the pilot now under way is well placed to test. These are the questions we 
intend to put to the pilot data.   
The ongoing pilot will provide the empirical basis for evaluating whether these design principles 
translate into changes in teacher confidence, practice and perceived efficiency. At this stage, however, 
the module offers a concrete model for moving beyond both uncritical technological adoption and 
blanket resistance to AI. Its central proposition is that sustainable AI integration in Italian FL education 
depends on developing not automated classrooms, but digitally competent teachers capable of making 
informed pedagogical choices. 
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